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Step 2: Laplacian of Gaussian up over a CPU. For example, when dealing with a

Laplacian filters are derivative filters used to find
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Matching results

The model rendering images and real-time pose estimation

the image before applying the Laplacian. Using edge

We build a system to perform real-time estimation of information to do matching can solve the problem

the viewpoint, scale, and translation of an object from a about changes in illumination and texture.

real-time camera.

Step 3: Normalized cross correlation

Pose estimation result with

arectangle surrounding ' Normalized cross correlation is used widely in object
the detected object.

detection area. We run normalized cross correlation

in different scales and poses.

The normalized cross correlation equation:
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*where f represents the image, t represents the
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