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Greedy iteratively adds the next
waypoint based on a function of
value, distance, and time. Greedy
offers the benefit of being very
fast, even given hundreds of
waypoints. However, it often
returns suboptimal results,
especially if points are organized in
an unusual manner.

* Missions in these regions by solar-powered rovers thus require
efficient planning to multiple geographically distributed
locations, despite time-varying solar illumination.

* Thus, a waypoint sequencer was developed which maximizes
the value of locations visited within a specified timeframe.

* Each waypoint contains an importance value, a time window
for when it can be visited, as well as a “mission time”
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Figure 2. How the genetic and greedy algorithms compare to the optimal brute-force solution.
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environments. A good compromise between efficiency and
accuracy is the genetic algorithm, which is significantly faster
than brute force solutions, and generates higher-valued
sequences than greedy solutions.

 Crossover uses Edge
Recombination Crossover (ERC)

 Mutation is either addition of
random waypoints within a

* Different sequences of waypoints are generated using various
algorithms. Distances and travel times between waypoints are
evaluated with an A* planner.
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